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Abstract

The paper develops a derivative-type (D-type) networked iterative learning control
(NILC) scheme for repetitive discrete-time systems with packet dropouts
stochastically occurred in input and output communication channels. The scheme
generates the sequential recursive-mode control inputs by mending the dropped
instant-wise output with the synchronous desired output, while it drives the plant by
refreshing the dropped instant-wise control input with the used consensus-instant
control input at the previous iteration. By adopting statistic technique, the
convergences of the developed NILC scheme for linear and nonlinear systems are
derived, respectively. The derivations present that under certain conditions the
mathematical expectations of the stochastic tracking errors in the sense of 1-norm
converge to zero. Numerical simulations exhibit the effectiveness and validity.

Keywords: iterative learning control; mathematical expectation; networked control
systems; stochastic packet dropouts

1 Introduction
In biology, psychology, sociology as well as in philosophy, the notion of ‘learning’ has been
acknowledged as one of intelligent capabilities for an individual to earn food and fit the
environment for surviving and evolving persistently. It is noted as a process for an in-
telligent agent to acquire knowledge or experience from its perception and cognition of
the environment and then to act on the environment so as to improve its behavior per-
formance at the next time. Benefited from the advancing computer technology, learning
algorithm has been algorithmically embedded into the control programming of a robotic
manipulator to track a desired trajectory. The pioneer contribution is the iterative learn-
ing control (ILC) invented in the 1980s whose scheme is to utilize the historical tracking
discrepancy to modify its control command so that the upgraded control command may
drive the repetitive system to track a predetermined desired trajectory [1]. Overviewing
the existing ILC investigations, the ILC has been acknowledged as one of the most effec-
tive intelligent control strategies for a repetitive system operated over a fixed time interval
owing to its less system information requirement and precise tracking insurance [2-8].
Along with the development of internet service, some of efficacious control schemes
can be networked for higher efficiency and lower cost, which forms networked control
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systems (NCSs). However, confined by the physical features of the wire or wireless net
communication devices such as the limit bandwidth or temporal oscillation of the net,
the embedment of the communication net into the traditional control loop may possi-
bly incur the communication delay and packet dropout which will deteriorate the control
effects [9-13]. In terms of the communication delays, a usual manner is to replace the
delayed data by the captured data at the last sampling instant in the case when the delay
is within one sampling step length [9-11]. In treating the packet dropout, the method is
to replace the dropped data with the latest captured one [12, 13]. It has been shown that
the aforementioned handling methods work satisfactorily under the assumptions that the
probabilities of the communication delay and the packet dropout are constrained appro-
priately.

Inspired by the handling methods for the NCSs, the investigations have been emerged
to embed the network into the conventional ILC system addressing the communication
delay and/or packet dropout. In detail, a D-type NILC strategy has been considered for
a class of linear time-invariant (LTI) multiple-input-multiple-output (MIMO) systems,
where both the packet dropout and the communication delay of the system output are
considered [14]. Reference [15] has addressed a proportional-type (P-type) NILC for a
class of nonlinear systems with random packet losses happening in both the input and the
output communication channels, where the term ‘packet losses’ is no other than commu-
nication delays. The handling methods for the delayed data in [14, 15] are to substitute
the one-step-delayed data by the captured data at the last sampling instant, which is no
other than the conventional NCSs [9-11]. As the above-mentioned replacement mecha-
nism of the communication delayed data is one-step-ahead mode, it to some extent does
not match the ILC scheme which is an exact time point-to-point mapping along iteration
direction. As shown in [14, 15], the tracking error is asymptotically upper-bounded but
nonzero when communication delays occur. In addition, one [16] has developed a P-type
NILC scheme for a class of nonlinear systems with stochastic delays happened in both sys-
tem output and control input communication channels, where the delayed data is replaced
with the synchronous data of the previous iteration. It has been shown that the proposed
NILC scheme can drive the NILC system to track the desired trajectory precisely as the
iteration goes on.

Regarding the communication data dropouts, the paper [17] has proposed a D-type
NILC scheme for a class of LTI MIMO systems with packet dropout in the output chan-
nel and has deduced the convergence by Kalman filtering approach. Further work [18,
19] has considered a D-type NILC algorithm for a general case that only part of the sys-
tem output data stochastically drops but the remaining is successfully transmitted, which
induces the learning gain by minimizing the trace of the input error covariance matrix
or assigns it in the sense of mean square. Besides, the literature [20, 21] has presented
D-type NILC schemes for a class of discrete-time systems with packet dropout occur-
ring in the output channel, and in particular it [20] has analyzed the convergence on basis
of exponential stability for asynchronous dynamical systems, while one [21] has derived
the learning performance based on 2-D model. Further relevant work [22] has adopted
a H-infinity measurement to assess the tracking performance of the NILC schemes for
systems with packet dropout occurred in output channel. Recently, one [23] has devel-
oped a D-type NILC algorithm for a class of single-input-single-output (SISO) systems
with system output packet dropout modeled as a 0-1 Bernoulli-type Markov chain along
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the iteration axis. Under the assumption that for a fixed sampling instant the quantity
of the successive packet loss is less than a constant, the learning gain has been designed
as an iteration-decreasing sequence and the convergence has been deduced by stochas-
tic approximation and optimization techniques. In further work [24] one has considered
the NILC design for nonlinear systems with unknown control direction and system out-
put packet dropouts. It is recalled that the handling strategy of dropped data proposed in
[17-24] is equivalent to replacing the dropped data with the synchronous desired output
signal. Meanwhile, [25] has developed an NILC scheme by replacing the dropped output
with the successfully captured latest synchronous output.

It is observed that, however, the literature [17-25] only considers the packet dropout oc-
curring in the output communication channel. As a matter of fact, the packet dropout oc-
curs not only in the output communication channel, but also possibly in the input commu-
nication channel. Under this circumstance, the synchronous desired signal replacement
in the existing literature [17-24] is hardly adoptable for the input dropout as the desired
input is unavailable but pursued. Nevertheless, it is worth recalling that the learning ca-
pability of the ILC is principally benefited from the time point-to-point compensation for
the control input along the iteration direction rather than the time axis. Thus, the replace-
ment for the dropped data by the captured latest synchronous ones would be a feasibility
to deal with the dropped input. This motivates the paper.

This paper is to develop a D-type NILC strategy for discrete-time systems with both
stochastic input and output packet dropouts. The strategy mends the dropped instant-
wise output with the synchronous desired output, while it refreshes the dropped instant-
wise input with the consensus-instant input used at the previous iteration. By means of the
statistic technique, the convergence of the developed NILC scheme for respective linear
and nonlinear systems is derived, which shows that under certain conditions the mathe-
matical expectations of the stochastic tracking errors in the sense of 1-norm converge to
zero.

The rest of the paper is organized as follows. In Section 2, a P-type NILC scheme is
formulated and some notations are presented. Section 3 analyzes the convergence of the
proposed NILC scheme to linear systems and Section 4 addresses the convergent char-
acteristic of the proposed NILC scheme imposed on a kind of affine nonlinear systems.
The effectiveness and the validity are numerically simulated in Section 5 and Section 6

concludes the paper.

2 NILC algorithm and notations

Let (X, F, P) be a probability space and p € [0,1] be a constant number, where X = {0,1}
is a sample space, F = {{,{0},{1},{0,1}} is a set of events and P is a probability mea-
sure on set F satisfying P(¢J) = 0, P({0}) = p, P({1}) =1 — p and P({0,1}) = 1, respectively.
A stochastic variable & is said to be subject to 0-1 Bernoulli distribution refers that & is
defined on (2, F, P) satisfying £(0) = 0 and £(1) = 1. Denote E{£} as the mathematical ex-
pectation of the stochastic variable £&. Then E{§} =P(§ =1) =1 —p. Let x = (x1,...,%,) "
and y = (91,...,9,) " € R" be two n-dimensional real vectors. The partial order relation
< is defined as x < y if and only if x; <y; for all i = 1,2,...,n. Let H = (h;)uxn € R™*"
be a real matrix. Denote |x| = (|x1], [%2],..., [%:) T, [H] = (A5 mxns %l = >y lx:] and
IH 1y = maxy<j<, Y7y Vil



Liu and Ruan Advances in Difference Equations (2017) 2017:53

Figure 1 Schematic diagram of NILC. i@
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Consider a class of repetitive discrete-time single-input-single-output (SISO) systems
described as follows:

xi(t +1) =f (e (t), up(2)), teS,

1
() =gl me(D),  teS, o

where the subscript k = 1,2,... denotes the iteration index, ¢ refers to the discrete-time
variable with S~ ={0,1,2,...,N-1}and § ={0,1,2,...,N}. x¢ () € R", ux(t) € Rand yx(¢t) €
R are n-dimensional state, scalar input and scalar output at the kth iteration, respectively.
f(-,-) and g(-, -) are functions of the state and input variables.

In the system (1), when the control input u(¢) is generated by an ILC update law and
is transmitted from the ILC unit to the actuator via the input communication channel
for driving the system, and simultaneously the system output yx(t) is transferred through
the output communication channel from the sensor to the ILC unit for data updating,
the mode is regarded as a networked iterative learning control paradigm, abbreviated as
NILC. The diagram of the NILC is illustrated in Figure 1. In the schematic diagram, 7z (¢)
denotes the signal which is transmitted from the ILC unit to the actuator via the input
net channel. Its stochastic dropout is regarded as a random on/off switch. u(¢) refers to
the control command of the actuator for driving the system which is composed of 7z (¢)
and u;_1(¢) in a switch mode. In detail, in the case when the ILC signal () at ¢ instant is
successfully captured by the actuator, the signal i1;(¢) is directly taken as u(¢) for driving
the system, while in the case when the ILC signal 7 (¢) at ¢ instant is dropped, the actuator
will borrow its used input data u;_;(¢) at the previous iteration for driving the system.

Mathematically, the control input u () of the actuator is represented as follows:

u(t) =uy(¢), te S ,given as a test signal,
(2)
up(t) = wpetir(t) + [1 — wplur(t), t€S,k=2,3,...,

where for all t € S~ and k = 2,3,..., wx, is a stochastic variable subject to 0-1 Bernoulli
distribution. Here, wy; = 1 means that the signal 7 (¢) is successfully transmitted while
ok, = 0 marks that the signal 7, (¢) is dropped.

Analogously, yx(¢) refers to the system output which will be transmitted to the ILC unit
for data updating through the output channel and its stochastic dropout is considered as
a random off/on switch. Whilst (¢) is a candidate signal for the ILC updating which will
be either the system output y,(¢) or the desired signal y,(¢) depending on the success of
the data communication, namely, in the case when the system output y,(£) is successfully
transferred to the ILC unit, it will be adopted for data updating, while in the case when

Page 4 of 21
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the system output yx(t) is dropped, the ILC unit will utilize the saved desired output signal
for the new command generation. Thus, the signal y,(¢) is formulated as follows:

Vi(®) = aeyi(t) + [1— apelya(t), teSTk=1,2,..., (3)

where S* ={1,2,...,N}, y,4(¢) is the desired output, and for all £ € S* and k =1,2,..., ay, is
a stochastic variable subject to 0-1 Bernoulli distribution.

Remark 1 As shown in (2) and (3), the handling methods of packet dropouts is differ-
ent from those in [11, 12]. The handling methods of packet dropouts in [11, 12] can be
described as follows:

ur(t) = wriag () + [1 — wpJug(t - 1),
Vi (t) = e yi(t) + [1 — g elye(t - 1).

Meanwhile, the replacement algorithm (2) is also different from (3). This benefits from the
characteristic of ILC and it is expected that the replacement algorithms (2) and (3) show
better performance.

It is noted that in the concerned NILC profile Figure 1, the status of the communicated
data packet is either dropped or captured in success, which is modeled as a 0-1 Bernoulli
stochastic variable. In general, it is well known that the occurrences of the data packet
dropout at two iterations are independent of each other. Thus, the assumption is extracted
as follows.

(A1) Assume that the stochastic variable wy is independent on the variable w; for all k #/,
s,t € S~. Meanwhile, assume that the stochastic variable oy, is independent upon the
variable oy for all k # [, s,t € S*. Besides, assume that oy, is independent on wy for
alk=1,2,...,0=2,3,...,t €S andse §S".

Moreover, for simplifying the analysis, the following assumption is introduced.

(A2) Assume that the probabilities of packet dropout in the input and output channels are
@ and a, respectively, mathematically,

Plwy, =0} =, w<lforteS ,k=2,3,...,

0=
Plag,=0}=a, O<a<lforteS,k=12,....
Since for given k, ¢, wi; and oy, are stochastic variables subject to 0-1 Bernoulli distribu-

tion, it is easy to calculate the expectations of those stochastic variables as follows:

E{wis} =Plo, =1} =1-a, @<LlforteS,k=2,3,...,

0=
Elog,) =Plogs=1}=1-a, O<a<lforteS,k=12,....

Based on the formulations (2) and (3), a derivative-type (D-type) NILC updating law is
constructed in the form of

U (8) = g (0) + Toy(t+1), teS,k=12,..., (4)

where 8y (t +1) = y4(t + 1) — yx(¢ + 1) and I" denotes the learning gain.
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In order to analyze the convergent characteristics of the proposed NILC scheme (4) with
(2) and (3), the lifting technique is used and a set of denotations are introduced as follows:

= [ (0), V)., kg N =D)] " €RY, g = [@(0), i (V),..., i (N =1)] " € R,
a = [1a(0), ua(D),...,uaN -] €RY,  yi= [3e(0. 5% e(N)] " € RY,

Yk = [5/k(1);5’k(2);m,5’k(N)]T erRY,  yi= [yd(l),yd@)w-,yd(N)]T e RV,

8Yk =Yd — Vi 8Yk = Yd — Yk Sux = ug — ug, Stk = Ug — Uy,

N xN N XN
R™™, R,

Q. = diag(wk0, Wk 15 - - - Ok N-1) € Q =diag(w, @,...,0) €

Ay = diag(ogy, ko, ... o n) € RV, A =diag(a,a,...,a) € RV,

Thus, equations (2) and (3) are, respectively, lifted as

uy = iy,
. (5)
up = Qi + ([ — Q)ug, k=2,3,...,
and
Vo= My + U= A)ya, k=1,2,..., (6)
where I is an identity matrix with appropriate dimension.
Moreover, the D-type NILC update law (4) is lifted as
Upy1 = Ui + T8y ()

The following lemmas are useful in this paper.

Lemma 1 Let {ex}2,, {ox}5e; and {@i)2, be nonnegative sequences, which satisfy ey, <
ZL Oi€k—is1 + Pk O = ) 1y 01 < L and limy_, o i = 0. Then limg_, o € = 0.

Proof First, we prove that the nonnegative sequence {ex};2, is bounded. Since the se-
quence {@r}z2, is nonnegative satisfying limy_, oo ¢x = 0 and o = Zlofl 0; < 1, there exists
a positive integer K; such that ¢ + o <1forall k > Kj. Let C = max{ey, e,...,ex;,1}. Thus,
ex < C for all k > K; +1, i.e,, the nonnegative sequence {e;}?2, is bounded. The proof is
accomplished by induction.

For k = Kj + 1, a direct computation shows that

K
e+ < ZUieKl-m +o x1<(p+9q)C=<C.
i=1
Now assume that for K1 +1 <k <K, e, <C.
Next we are to show that it is true for k = K + 1. By e;.,1 < C and the induction hypoth-
esis, a direct calculation shows that

K

1= iCK—i+ =< yee €Ky €K 41s -+ €K
ex+1 < ) 0Oiex—_in1 + @x X 1 < (p + px)max{e,..., ex, ex 41 - .-, x5 1}
i-1

< max{ey, .. <1 €Ky €Ky 41« - e, 1} <C.
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Since 0 = Y 7 0; < 1 and limg_.oo ¢k = 0, for any & > O there exists a positive integer

K. (K, > K7) such that

o0

l-0¢ £
ZUKEH' <——= and ¢g.i<=-(1-0) foralli=12,....
pn C 2 2

For k > K, + 1, we have

€1 = 018k + 0261 + - -

< 016 + 0281+ -

< o01€ + 0281+ -

< 016k + 026k + -+

+ Ok, €k-K.+1 + OK +1€k-K, + "+ Ok€1 + Yk
e
+ 0K, ek—e+l + (0K + -+ 0x)C + 5(1 -0)

l1-0¢
Cc 2

€
+ 0K, €x—K,+1 + C+ 5(1—0)

-+ 0 er-k,+1 + (1 - 0).

Taking superior limit on both sides of the above inequality yields

lim supex,; < oy lim supex + 0y lim supeg_; + - -+ + og, lim super_g,.1 +e(1—0)
k—o00 k— 00 k— 00 k— 00

<(o1+03+---+0g,) lim supe + (1l —0)
k— 00

<o lim supe; +e(1-o0).
k— 00

The above inequality leads to

lim supe; <e.

k—o00
Consequently

lim e; = 0.

k— o0

This completes the proof.

O

Lemma 2 Let {¢i)i;, {Ai}ie, and {Qr}32, be nonnegative sequences, which satisfy (i)
limy 00 i = 0, limg 00 Ak = 0 and limy_, oo @ = 0, (il) Y_5o, Px is bounded. Then

k
klggo (Xl: iki—iv1 + CDk) =0.
iz

Proof From limy_. Ak = 0, it follows that the nonnegative sequence {1;}?2, is bounded.

Let C =sup;_;, {A¢} and ¢ = D72, ¢x. Since the sequence {¢}°; is nonnegative and we

have the assumption (ii), it is true that for any ¢ > 0 there exists a positive integer Kj such

that ) ;o K+1 9k < 5¢- Inaddition, from the assumption (i) it is immediate that there exists

a positive integer K, (K3 > Ki) so that Ax_g;11 < % for all kK — K + 1 > K;. Further, the as-

sumptions that {®;}??, is nonnegative and limy_, o, ®x = 0 imply that there exists a positive
integer K3 such that @y < % for all k > K.



Liu and Ruan Advances in Difference Equations (2017) 2017:53

Thus, for all k > max{K; + K; — 1, K3}, we have
k
D Gikkcin + Ph = Gk + kit + oo+ P Mkt + Brgahaok + e+ Pida + Di

i=1

§(¢1+¢2+"'+¢Iq)i+c( > ¢/<>+<Dk

3¢ k=Kj+1
e e €
<PX —+CxX ——=+-=¢.
3¢ 3C 3
Consequently
k
Jim (le Pidi-is + d>k> = 0.
i=
This completes the proof. d

3 Convergence analysis for LTI SISO systems

For a real system, it is well known that in a neighborhood of an operating point, the dy-

namics can be approximated as a linear system. This section considers a class of repetitive

discrete-time LTI SISO systems taking the form of

{xk(t+ 1) = Axi(t) + Bu(t), teS, @
yi(t) = Cuil), t€S,

where A, B and C are matrices with appropriate dimensions. In particular, CB is supposed
to be nonzero, under which assumption it is easy to check that for a given desired output
y4(t), t € S there exist such desired state x,;(), ¢ € S and desired control input u,(¢), t € S~
that

ixd(t +1) = Axq(t) + Bua(t), teS, ©)
ya(t) = Cxy4(t), teS.
The dynamic systems (8) and (9) can be, respectively, lifted as

i = Huy + G (0), (10)
and

ya = Hug + Gx4(0). (11)
Here

G=[(CcA)T,(ca?)’,...,(cAN)"]" e RN,

Page 8 of 21
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CB
CAB CB
H-=| CA’B CAB CB c RN*N .
_CAN-lB CAN-2B  CAN-3B ... CB|

Theorem 1 Assume that the proposed NILC scheme (4) with (2) and (3) is applied to the
system (8) and the initial state is resettable, namely, x,(0) = x4(0) forall k =1,2,.... Then
the expectation E{||8yx |1} of the tracking error ||8yk||1 is convergent to zero as the iteration
goes on if the inequality py = |E{|] - T ArHQu |} + A — @)o|T|||H|l1 < 1 holds.

Remark 2 By the assumptions 1 and 2, | E{|] — I" At HS2|}|1 is a constant and is indepen-
dent of k, i.e. p; is a constant number and is independent of k.

Remark 3 For a given k (k > 2), ||8yk|l1 = Zﬁo [y4(2) — yx(¢)] is a nonnegative stochastic
variable and dependent upon {«;;: £ € S,1 <i <k -1} and {w;, : t € S7,1 <i < k}. Thus,
E{||8yk]l1} can be understood as the expectation of the stochastic variable ||8yx||; or the
first-order deviation of the stochastic output yx(¢) (¢ € S) with respect to the desired output

ya(@) t€S).
Proof From (6), (7), (10), (11) and x4(0) = x,(0), it follows that

Sitsr = Sit — T8k = Sitg — T ASyx = Sitg — T AxH Suiy. 12)
By (5), we have

5141 = (Sljtl,
(13)
Suy = bty + (I — Q)du1, k=2,3,....

By backwardly iterating (13), we find

k-1 [k=1-i )
Sup = il + Z[ [Ju- Qk_,)] Q8 + [ (- szk_j)}aal. (14)
=0

i=2 L j=0 j

Substituting (14) into (12) shows

k-1 k—1-i
Sites1 = [[ — T ARHS%]Sii — Z FAkH|: ]—[ (I- Qk_,)] Q,8i1;
i=2 j=0

k=2
- FAkH|:H(1— szk_,-)}aﬁl. (15)

j=0
By (15) and a direct computation, we have

k-1 k—1-i
|8itkaa| < T = T AHQ||87| + Y T AglH| [ []u- szk_,»)} HEA
0

i=2 j=

k-2
+ [T Ax|H] [H(l— ij):| |82t . (16)

j=0
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It is obvious that the assumption (A2) results in
E(Q}=1-QEI-2 ;)= and E{A;}=I-A.

Thus, calculating the expectation to both sides of (16) and taking the assumption (A1) into
account yield

k-1
E{18tx11} < E{II - T AkHQu| JE{ |80} + Z IT|U - A)H|Q(I - Q)E] |81}
i=2

+|T|( - A)|H|QE{ |81} (17)

Computing 1-norm on both sides of (17) and considering the property ||E{|dz|}|l1 =
E{||81ix |1} achieve

E{18itcnll} < |E{I - TAHQul} | E{ 18711} + 1 = @) T (| HIh @ E{ 187 |1 }
+ kfju—&)(l—cb)lr|||H||@“E{||8ﬁzlh}
i
< |E{I1 - T AcHQul | E{187a 1} + (1~ @)IT|I1H [ E{ 1876111}
. iu—a)(l—@>|r|||H||@k“'E{lléfttlh}

i=1
k

< Z Oi€k—is1 + i (18)
i-1

where e = E{||8iix (11}, gx = (1= &)|T[[|H [1@*E{||811 11}, 01 = | E{|I = T AxHS%} 1 and o =
(1-a)1-o)|T||H |1 fori=2,3,....

From the assumption p; = ||E{|[I - TARH2%|} 1 + 1 = @)o|T||H[L = Y ;01 < 1,
limy_, o0 ¢% = 0 and Lemma 1, the inequality (18) gives rise to

lim E{||8iz =0. 19
Jim E{|I67: } (19)
By (10), (11), (14), and x(0) = x;(0), we have
k-1 [k-1-i k-2
8y = Houy = HQuSiiy + ZH|: ]—[ (I- Qk_,)] Qudi1; + H|:1_[(1 - Qk_j)}aal. (20)
i=2 j=0 j=0
From the equality (20), a direct computation shows

k-1 k—1-i
18yl < |H| Q|87 + Y |H| [ [Tu- szk_;)] DA

i=2 j=0

k=2
+ |H]| []‘[(1 - szk,»)} |8t . (21)

j=0
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Taking the expectation on both sides of (21) and taking the assumptions (Al) and (A2)
into account, we get

k-1

E{18yxl} < [HI( - QE{|8i|} + Y IHIQ (I - QE{ 87|}
i=2

+ |H|QE{ |81 ). (22)

Taking the 1-norm on both sides of (22), we obtain
E{18ycIh} < I1H ] ((1 — @)E{ (|81}
k-1
£y - D)E{ |8l } + cakE{naalnl})
i=1
k
<[Hl (Z Pikkint + <I>k>, (23)

i=1

where ¢; = (1 - @)™, A; = | E{|8i;]} ) and &y = & | E{|8i [} )1
By (19), (23), and Lemma 2, we obtain

lim E{||§ =0.
Jim {lI8yxlln}
This completes the proof. d

Corollary 1 Assume that the proposed NILC scheme (4) with (2) and (3) is applied to the
LTI system (8) and the initial state is resettable, that is, x¢(0) = x4(0) for k =1,2,.... Then
the expectation E{||8yx |1} of the tracking error ||8yk||1 is convergent to zero as the iteration
approaches infinity if the conditions ||All; <1 and

ITHIBILIICllx
———————— <

pr = E{[1 - Tay1 CBaxol} + 1 - &)[(1 - @) |Allx + @] -4l
- 1

are satisfied.

Remark 4 It is evident that under the assumption CB # 0 the learning gain I" can be
chosen so as to guarantee the inequality 0 < I'CB < 1, which implies that

E{I1 - aj10%0T CB|} = E{1 — aywro'CB} =1 - (1 — @)(1 — @)['CB.

Thus, it is not difficult to compute that

5 _ BILIIC )
,01=1—(1—a)|FI(ICB|+||B||1||C||1)<1— IBII[ICllx _ )

(ICBI + 1Bl [ICll) (A = [IAl])

It is well known that 0 < & < 1. Therefore, it is possible that the convergent condition
01 < lis guaranteed if the proportional learning gain I is properly chosen and the dropout
probability of the input data is constrained as @ < 1 — ||B||[|C|[;(|CB| + | BIl1[|IC]l1) (1 -
lAll1), which implies that input data may not drop with higher frequency.
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Remark 5 It is observed that the inequality (18) reduces to
E{l18dalln} < |E{M - T AcHSu Y| E{ 18511}

for the case when & = 0 and @ = 0, respectively. This implies that the expectation of the
input error monotonically converges to zero if the input and output drop with null prob-
abilities. Particularly, for the case when the input and output do not drop at all, the input
error in the sense of 1-norm is monotonously convergent. This coincides with the existing
conclusion in [7].

Remark 6 As shown in (15), ik, involves all the past signals {§iz; : 1 < i < k} and its
dynamics is quite complex.

4 Convergence characteristics of nonlinear systems

In the real world, it is well known that the dynamics of some systems is nonlinear due to
the Coulomb friction, saturation or dead zone of the devices. This section considers a kind
of affine nonlinear systems described by

Vi(t) = Cxi(t), tes, (24)

:xk(t +1) = f(ue(8)) + Bux(t), tes,
where x;(t) € R”, ui(t) € R and yx(£) € R are n-dimensional state, scalar input, and scalar
output, respectively. f(-) is a nonlinear function and CB is supposed to be nonzero, under
which it is easy to check that, for a given desired output y,(t), t € S, there exist desired
state x4(£), t € S and desired control input u,(£), t € S~ such that
x4(t +1) =f(xq(¢)) + Bug(t), teS, (25)

yd(t) = de(t): te S,

i.e., y4(¢) is realizable.

(A3) Assume that the nonlinear function f(z) is uniformly globally Lipschitz with respect
to z, i.e., for all z;,z; € R", there exists a positive constant Ly such that

If(z1) = f(22) |, < Lyllz1 = za 1.

In order to analyze the convergent characteristics of the proposed NILC scheme (4)
with (2) and (3) for the nonlinear system (24), the lifting technique is used and a set of
denotations are introduced as follows:

Xk = [(xk(O))T, (xk l))T, . (xk(N 1) ) ] e RN

x5 = [(xk(l))T,(xk(z))T, ..,(xk(N)) ] eR™N,

x4 = [(%a(0))", (xd(l))T, ,(xd(N 1)) ] er™
[

Page 12 of 21
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fea) = () ( (xa®)) oo (FraN 1)) '] € R,

e RNXHN.

>
I
m
=
=
Z
X
Z
al
I

Thus, (24) and (25) are, respectively, rewritten as

xf = f(xx) + Bug, (26)
Yk = Cxf,

and
X =f(xq) + Buy, (27)
Yd = Cx;',.

Theorem 2 Assume that the proposed NILC scheme (4) with (2) and (3) is applied to the
nonlinear system (24) and the initial state is resettable, i.e., x(0) = x4(0) for k =1,2,....
Then, under the assumptions (Al), (A2), and (A3), the expectation E{||8yk||1} of the tracking
error ||8yx |l converges to zero as the iteration tends to infinity if Ly <1 and py = |E{|I -
T ArCBQ|Y I + @ —a)|T 1Bl ]I Clli (0 + If—if) <1 are satisfied.

Proof Equations (6), (7), (26), (27), and xx(0) = x,4(0) give rise to

Sutge1 = Sthg — T8y = Suag — T ASyx
= Sﬁk - FAkE(x; —x,’;)

= 5b~t/( - FAk@(SMk - I’Aké[f(xd) —f(xk)] (28)

Substituting (14) into (28) yields

k-1 k—1—i
Sthgsr = (I - T AxCBQ%)8i; — Z FA](@|: l_[ - Qk_j):| Q;éu;
j=

i=2
k=2

- rAk@[H(I - Qk,):| 8it — T Ak C(f (xa) — f (x1)).- (29)

j=0
By (29) and a direct computation, we get

k-1 k—1-i
|8iti1] < |I - T AkCB| 187k + Y _ |T| Ax|CB| [ []u- szk_,)] Q811
i=2 j=0

k-2
+ || A«[CB] {1‘[(1— Qk_,»)} 18761

j=0

+ |ITAKICI|f (%a) = f ()] (30)
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Calculating the expectation on both sides of (30) and taking the assumptions (Al) and
(A2) into consideration, we obtain

E{|8its1|} < E{II = T ACB| }E{ |87k }

k-1
+ Y |T|( - A)[CBIQ!(I - Q)E{|5i41)

i=2

+|T|(I - A)|CBIQ"E{|8in|} + IT|U - A)ICIE{|f(xa) - f(x)|}.  (31)

Taking 1-norm on both sides of (31) and taking the property || E{|Su«|}|l1 = E{||82||1} into
account, we have

E{l18anlh} < |E{II - T AcCBQx!} | E{ 11871}

k-1
+3 (1 -&)(1 - &)|T|ICBIL&*E{ 1] }

i=2
+ (1 -@)|T|ICBh&" " Ef 571}
+ A= @)ITIICI | E{|f ) = f@) [} ],
< |E{11 - T ACBQ I} || E{ 118711 }

k-1
+ Y (1-@)(1-@)IT|ICBl " E{ 1 }
i=1

+(1-a)|I[|CBl1&"E{ |8 |11}
+ 1= a)IT[|ICll | E{|f (xa) = f )|}, (32)

From that || E{|f(x2) —f ()|} 1 = E{|If (*2) —f (xx)|l1} and the assumption (A3), we get

IE{|f &a) = f @) |}, < LeE{ll0a — xcll1 }- (33)
Substituting (33) into (32) one arrives at

E{18aalln} < |E{IT - T AxCBSuI} || E{ 16711}

k-1
+ Y (1-@)(1-@)IT|ICBl&*E{ 1 }
i=1

+(1-@)|T[I|ICB & E{l|5i 1}

+ (1= a)|TICIhLeE{ l1%a — % ]l1}- (34)
By (26), (27), and (14), we have

k-1 [kel-i
xly — xp = f(xa) — f (k) + BQuS ity + Zl_3|: H {I- Qk—/):| Q;du;

i=2 L j=

k=2
+§|:l_[(1— ij):|31:ll. (35)

j=0
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By (35), we obtain

k-1 k—1-i
| — x| < |f(ea) = f i) | + [BI%lSit] + ) |B [ []u- szk,-)]sziw

i=2 j=0

k-2
+ Bl []‘[(1— szk_,')} |8721]. (36)

j=0

Taking the expectation on both sides of (36) and taking the assumptions (Al) and (A2)

into consideration, we have

E{|xj 2|} < E{|f (xa) =/ Gei) |} + 1BIU - E{ 1870}
k-1
+ Y IBIQHI - QE{|8i;|} + [BIQ T E{|81 ). (37)

i=2

Computing the 1-norm on both sides of (37) leads to

E{ i -1} < [B{lfGca) = f@l}], + (1 = @IBILE{ U7uc

k-
+ Y (- &) BILE{ 18]l } + " IBILE{ IS 1 }. (38)
i=2

>_.

Substituting (33) into (38) reaches

E{|x; - x|} < LeE{Ixa — xclli} + @ — @) |BILE{ |52l }

>
_

+Y Q- )" BILE{ IS 1 } + " IBILE{ 18711 }- (39)

i

I
)

From E{|lxs — xx 1} < E{llx}; — x¢1l1} and (39), one obtains

k-1
B B
Elli-il,) = 0-@) T Elomn) + 0 -2 ZEE{ 1o
i=1

+cak1”_”; {11 }. (40)

Furthermore, from (34) and (40), it follows that

L¢||B|1|IC
E{ll8iall} < (IIE{II T ACBQ} |, +1-a)1-a )IFI%M)E{IIMMH

k-1
(1-&)1 =&)L Bl1Clh ..

+ @ E{Ii])
i=2 f
(1-&)ITIIBI:IClh

1-Lf

& E{ 167111}

_ LelBlLIC .
< <||15{|1—rAkCBszk|}||1 +(1—&>(1—@)|F|f”1ﬂ71”f”1>£{||8uk||l}
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k-1 - - —= —
(1-a)A-o)TNBILIClh _t; .
E{ |18
+D L & E{ 18]
i=1
1-a)|T[IBILIICl: .
+ R ORE| 118 1 )- (41)

1-Lf

From the convergent condition p; < 1, inequality (41), and Lemma 1, we have

Jim E{[187%]1} = 0. (42)
By (40), (42), and Lemma 2, we get

tim £ -]} - . )
From (26) and (27), it follows that

8y = C(x}; — x). (44)
By (44) and simple computation, we have

E{l18yxl1} < ICILE] |5 — ¢ [, }- (45)
Equations (43) and (45) reduce to

lim E{87,]1} = 0.
This completes the proof. O

5 Numerical simulations

For the sake of exhibiting the effectiveness of the proposed learning scheme, the simula-
tions are done for the systems being linear and nonlinear, respectively, where the tracking
error is formulated as ||8yk|l1 = Z?fo [y4(¢) — yx(¢)|. In accordance with the derivation that
the tracking error is evaluated in a statistical sense by mathematical expectation, the nu-
merical experiments are made for 500 runs. Here, the terminology ‘one run’ means that
the NILC-driven system operates 60 iterations until a perfect tracking is achieved. Namely,
the expectation of system output yx(¢) is computed as E{y(¢)} = ﬁ Zf::ol y,(:")(t) and the
expectation of tracking error is formulated as E{||8yx|1} = ﬁ fo:ol ?fo lya(t) - y,im)(t)|,
where the superscript (71) marks the run order.

Example 1 Consider a second-order linear system as follows:
t+1 1 1 t 1
arlt+D) 6 5 akle) | 2 lw(e), teS ={0,1,2,...,29),
Xok(t +1) o | [ %@ 3
J’k(t) :xl,k(t) +x2,k(t)) tGS: {0’112"--)30}’ (46)

x1.(0) = 0, x21(0) = 0.
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Figure 2 Outputs of linear system at the 3rd 1 T

. N - - -desired output
iteration.

—a=0,0=0
--a=02,=01

3
£ 0
5]
-0.5
q ‘ N
0 10 20 30
time
Figure 3 Outputs of linear system at the 7th 1 S - desired output
iteration. —a=0,0=0
0.5 --a=02,0=0.1
~ ——a=04,0=0.2
a2 0
3
o
-0.5
-1
0 10 20 30
time
Figure 4 Expectations of outputs of linear 1

system at the 7th iteration. - - -desired output
—a=0,2=0
--a=02,o=01
——a=04,0=0.2

expectation of output
(=)

o 10 20 30
time

The desired trajectory is chosen as y,(t) = sin({z¢), £ € S. The beginning control signal is set
as u;(t) = 0 for ¢t € S™. For the proposed NILC scheme (4) with (2) and (3), the convergent
factor is computed as p; =1 - T'(1 - 61)(159 — 2®) under the assumption that the learning
gain is restricted to I' € (0,1]. Thus, the convergent condition p; <1 in Corollary 1 holds
if the probabilities satisfy 0 <& <land 0 < @ < %, respectively.

Set the learning gain as I" = 0.4. Choose three groups of probabilities as P;: & = 0, @ = 0;
Py:@=0.2,=0.1and P3: & = 0.4, ® = 0.2, respectively. It is testified that the convergent
conditions for three groups of probabilities in Corollary 1 are p,(P;) = % <1, p1(Py) =
% <1land p;(P3) = %’é—gg <1, respectively, which implies that the convergent conditions
are satisfied. Figures 2 and 3 depict the outputs for those three groups probabilities at the
third and seventh iterations, respectively, where the dashed curves exhibit for the desired
outputs, the solid ones denote the outputs for P;: & = 0, @ = 0, the dot-dash ones plot the
outputs for Py: & = 0.2, @ = 0.1 and the circle-solid ones present the outputs for P3: @ = 0.4,
@ = 0.2, respectively.
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Figure 5 Expectations of tracking errors of linear 20
system. <]
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Figure 6 Outputs of nonlinear system at the 3rd 1 L
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It is observed that the outputs for larger dropout probabilities render stronger stochastic
oscillations and slower tracking. Figure 4 displays the expectations of those outputs at the
seventh iteration, while Figure 5 shows the expectations of tracking errors, which convey
that expectations of tracking errors with respect to the proposed NILC scheme (4) with
(2) and (3) converge to nullity very well.

Example 2 Consider a nonlinear system modeled as

saxe+ D] [ dsintos@)]
wou(t+1) | | L eos(s()

yk(t) :xl,k(t) +x2,k(t): teS= {0, 112;“':30}1 (47)

] wl(t), teS ={0,1,2,...,29},

D= D=

x14(0) = 0, %2,4(0) = 0.

The desired trajectory is set as y,4(¢) = sin(5z¢), £ € S. The control signal at the beginning
iteration is set as u(¢) = 0 for £ € S™. It is calculated that the Lipschitz constant of the
function f(xyx(£), x24(£)) = [% sin(xy . (2)), % cos(x ()] is Ly = % Under the assumption
that the learning gain I'is confined within the range (0, 1], the convergent factor is formu-
lated as pp =1 -T'(1 — @)(0.5 — 2@). This means that p, < 1 holds if the probabilities are
restrictedas 0 < @ <1 and 0 < @ < 0.25 are satisfied.

Choose learning gain as I = 0.6 and set three groups of probabilities as P;: a = 0, @ = 0;
Py: @ =0.2, @ =0.1 and P3: @ = 0.4, ® = 0.2, respectively. It is not difficult to test that the
convergent conditions in Theorem 2 for those three groups of probabilities are p,(P;) =
0.7 <1, p2(Py) = 0.856 < 1 and py(P3) = 0.964 < 1, respectively. Figures 6 and 7 give the
outputs at the third and sixth iterations, respectively, where the dashed curves mark the
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Figure 7 Outputs of nonlinear system at the 6th 1 -- -désired output
iteration. —a=0,0=0
0.5 --a=0.2,0=0.1
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Figure 8 Expectations of outputs of nonlinear 1

system at the 6th iteration. - - -desired output
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Figure 9 Expectations of tracking errors of G=0o=0
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nonlinear system. £ & =02,0=01
o —a=04,&=0.2
£
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desired outputs, the solid ones are the outputs for P;: @ = 0, @ = 0, the dot-dash ones
express the outputs for Py: & = 0.2, @ = 0.1 and the circle-solid ones represent the outputs
for P3: @ = 0.4, & = 0.2, respectively.

It is seen that the outputs are closing to the desired trajectory as the iteration goes on,
though the outputs for larger dropout probabilities reveal stochastic perturbation. Fig-
ure 8 plots the expectations of outputs at the sixth iteration on operation time interval,
while Figure 9 depicts the expectations of tracking errors along the iteration direction,
respectively.

From Figures 2-9, it is found that the proposed ILC scheme (4) with the compensations
(2) and (3) may drive both the linear and the nonlinear systems to track the desired tra-

jectory perfectly in statistical mode.
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6 Conclusion

In this paper, a D-type NILC scheme is developed for discrete-time systems with appropri-
ate mending manners for dropped input and output data. Under the assumption that the
stochastic data dropouts are subject to 0-1 Bernoulli-type distributions and by assessing
the tracking performance in the form of mathematical expectation, the zero-error con-
vergences of the NILC for the SISO linear and affine nonlinear time-invariant systems are
derived, respectively. Both the theoretical derivations and the numerical simulations con-
vey that the proposed NILC scheme enables the linear and affine nonlinear time-invariant
systems to track the desired trajectory well, though the stochastic dropout may disturb the
tracking behavior. However, the investigations for the networked ILC systems with noise
and parameter uncertainties are challenging in future work.
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